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HOW DO RANDOM FIBONACCI SEQUENCES GROW?
ELISE JANVRESSE, BENOIT RITTAUD, THIERRY DE LA RUE

ABSTRACT. We study the random Fibonacci sequences defined by F; = Fy = ﬁl = ﬁg =1
and for n > 1, Fpio = Fny1 + Fy, (linear case) and Fnio = |Fny1 4 Fn| (non-linear case),
where each + sign is independent and either + with probability p or — with probability 1 — p
(0 < p <1). Our main result is that the exponential growth of £}, for 0 < p < 1, and of ﬁn for
1/3 < p <1 is almost surely given by

oo
/ log z dva (z),

0
where « is an explicit function of p depending on the case we consider, and v, is an explicit
probability distribution on R4 defined inductively on Stern-Brocot intervals.
In the non-linear case, the largest Lyapunov exponent is not an analytic function of p, since
we prove that it is equal to zero for 0 < p < 1/3. We also give some results about the variations
of the largest Lyapunov exponent, and provide a formula for its derivative.

1. INTRODUCTION

In this article, we wish to investigate the exponential growth of random Fibonacci sequences
(Fn)n>1 and (Fy),>1, defined inductively by Fy = Fy» = Fy; = F; = 1, and for all n > 1,

(1) Foio=F,1 £ F, (linear case),

(2) ﬁn+2 = |ﬁn+1 + ﬁn| (non-linear case),

where each + sign is independent and either + with probability p or — with probability 1 — p
(0 < p < 1). In the case p = 1/2, (|Fy,|) and (F,) have the same distribution law as the
sequence (|t,|) studied by Viswanath [I0]. In his paper, using Furstenberg’s formula [4] (see also

[1], Chapter II), Viswanath proves that with probability 1,
V] —— 1.13108824...,

where the logarithm of the number is computed as the integral of the function

11 1+ 4m*
— = D
T\ T me)2

with respect to some explicit “fractal” measure vy.

Our purpose here is to give a formula for any parameter p €]0, 1], and to provide some results
on the dependence on p of the upper Lyapunov exponents. By contrast with the linear case (),
the non-linear case (2) cannot be viewed as a product of i.i.d. random matrices. This explains
why the upper Lyapunov exponent in the non-linear case is not an analytic function of p, as can
be seen in Theorem [[LJ] Our method does not make use of Furstenberg’s formula, but relies on
the reduction of random Fibonacci sequences exposed in [§].
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1.1. Results. Our main result is the following.

Theorem 1.1.

e Linear case:
1 o0
—log |F,| —— :/ logx dve(z)  a.s.,
n n—oo 0

where

o 3p—2++/bp? —8p+4
= o )

1 ~
e Non-linear case: If p <1/3, —log F;, —— 7, =0. If p > 1/3,
n n—oo

1 ~ " o0
—logF,, —— qp = / logx dv,(z) a.s.,
n n—o00 0

where
2

P
+/p(4—3p)

In both cases, v, is an explicit probability distribution on R defined inductively on Stern-Brocot
intervals (see Section and Figure[T).
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FIGURE 1. The measure v, on Stern-Brocot intervals of rank 1, 2, 3. First assign
mass 1 — « to [0,1] and « to [1,00]. Once v, is defined on some Stern-Brocot
interval of rank 7, a proportion « of its mass is given to the left (respectively
right) subinterval of rank r + 1 when r is odd (respectively even).

For p = 1/2, we get a = ¢! both in the linear and the non-linear cases, where ¢ := (1 + \/3)/2
is the golden ratio. The measure v, is then equal to Viswanath’s fractal measure conditioned on
R*. For p = 1, which corresponds to the classical Fibonacci sequence, o = 1 and v, is the Dirac
mass on ¢. When p — 0 in the linear case, or p — 1/3 in the non-linear case, a — 1/2 and
Vo — vy Which is the probability measure on R giving the same mass 27" to each Stern-Brocot
interval of rank r. This measure is related to Minkowski’s Question Mark Function (see [3]):

YV S [0, 1], 7($) :2V1/2([0,$]).
Remark 1.2. The exponents vy, and ¥, correspond to almost-sure exponential growth of random
Fibonacci sequences. We could also consider the average point of view, that is, ask for the limit
1 1 ~
of —log(IE(|Fy|)) and —log(IE(F,,)) (where IE stands for the expectation).
n n

In the non-linear case, we know how to give an explicit expression of the limit for any p. (Of
course, by Jensen’s inequality, this limit is bounded below by 7,.) It turns out that the critical
value of p for which this limit vanishes is p = 1/4 (compare it with the value 1/3 in Theorem[L]]).
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The techniques used to obtain this result are quite different from those presented here; They
mainly rely on ideas introduced in [8], in which the case p = 1/2 is treated. Details and proofs
will be given in a forthcoming paper.

In Section 3] we study some properties of the functions p +— =, and p — 7,, and prove the
following theorem.

Theorem 1.3.
e Linear case: p — v, is an increasing function of p, satisfying
d log 5
22y = =2
p
e Non-linear case: p — 7, is a continuous function of p, increasing on |1/3,1], satisfying
d~ log 5
() = =%
p

One of the ingredients for the proof is a formula for the derivative of ~y, (or 7,) with respect to
«, involving the product measure v, ® v, (see Proposition F.3]).

lim~v, =0, <~ =log¢ and
p—0

Ap=0forp<1/3, 71 =log¢ and

s +(a)
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FIGURE 2. Graphs of v, and 7, as a function of p (left) and as a function of «
(right). Notice that 7, = 0 for p €]0,1/3]. For p € [1/3,1], the graph of 7, is not
the straight line it looks like: Compare the average slope with the derivative in 1.

2. REDUCED SEQUENCES

2.1. Random paths in T and T. The sequences (Fy,), and (ﬁn)n can be read along random
paths in the trees T and T described as follows. These two trees have the same structure, but
differ by the labels attached to the vertices. Each vertex is labelled by an integer: The root and
its only child are labelled by 1. Any other vertex has two children, left and right. If v is a right
child, its label is the sum of its father’s and grandfather’s labels; If v is a left child, its label is
the difference between its father’s and grandfather’s labels in the tree T, whereas in the tree 'i‘,
its label is the absolute value of the difference between its father’s and grandfather’s labels (see
Figure ). Notice that all labels in T are nonnegative.

The random paths in the trees are coded by a sequence (X,,)n>3 of i.i.d. random variables
taking values in the alphabet { R, L} with probability (p, 1 —p). The path starts from the root and
goes through its only child. Then the following steps are given by (X, ),>3: Each R corresponds
to going through the right child (right step) and each L corresponds to going through the left
child (left step). Note that F, (respectively F,) is the label read in T (respectively T) at the end
of the path X3--- X,,.

Observe that in the linear case, each step of the path can be interpreted as the right product
of (Fy, Fy,11) by one of the two matrices

(3) A= ((1) 1) or  B:= ((1) _11)
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FIGURE 3. First lines of the trees T (left) and T (right).

0 1
1 -1
butions is no longer i.i.d., which makes this interpretation less convenient.

The non-linear case involves multiplication by matrices A, B and C := < > but their distri-

2.2. Reduction of paths. Our method relies on some properties of the trees T and T illustrated
in Figure[d In the following, we say an edge connecting a vertex v and its child v is labelled by
(a,b) when a is the label of v and b is the label of v’.

Suppose a random path goes through an edge labelled (a,b) and then follows the pattern RLL
in T. Then it ends with an edge which is also labelled (a,b). Therefore, we can remove from
(Xn)n all occurences of the pattern RLL when studying the sequence (ﬁn)n, as long as we keep
in mind the number of such deletions.

The linear case is a bit more complicated. Suppose now a random path in T goes through an
edge labelled (a, b). Notice the labels of the left and the right child are respectively b—a and b+ a.
If the path follows the pattern RLL, then it ends on a vertex labelled by —b and whose left child’s
and right child’s labels are respectively —(b+a) and —(b— a). Since we are only interested in the
behaviour of |F,,|, this allows us to remove in (X, ), each pattern RLL, provided we exchange the
following letter and keep in mind the number of deletions.

This reduction process observed in T can be translated in the language of matrices by the
following relations satisfied by A and B:

ABBB = -A
ABBA = -B.

2.3. Reduced random Fibonacci sequence in the linear case. To formalize the reduction
process, we associate to X3 ... X, a (generally) shorter word W,, = Y3"--- Yk’zn) by the following
induction.
e k(3) =3 and Y3 = X;.
o W,y is deduced from W, in two steps.
Step 1: Add one letter (R or L, see below) to the end of W,.
Step 2: If the new word ends with the suffix RLL, remove this suffix.
Thus, we have either Wy41 = WnY&:;H (and k(n + 1) = k(n) + 1), or Wyy1 =
LESEERD f M (and k(n + 1) = k(n) — 2).
The letter which is added in step 1 depends on what happened when constructing W,:

o If W, was simply obtained by appending one letter to W,,_1 (or if n = 1), we add X, 1
to the end of W,,.
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FIGURE 4. The reduction pattern in the tree T (left) and in the tree T (right).

e Otherwise, we had removed the suffix RLL when constructing W,,; we then add X, to
the end of W,,, where R := L and L := R.
Example: Let X3...X9 = RRLLRLR. Then, the successive reduced sequence Wiy, ..., Wy are
given by R, RR, RRL, R, RL, 0, L.
Observe that the label read in the tree T at the end of the path coded by W,, has the same
absolute value as F,.

Lemma 2.1. We denote by |W,|r the number of R’s in W,,. We have

(4) [Whlp —— +00 a.s.

In particular, the length k(n) of W, satisfies

k(n) —— +o0. a.s.

We postpone the proof of Lemma 2] to the end of the section. We will need in the sequel the
following definition:

Definition 2.2. We say that Y[, survives if, for all m > n, k(m) = k(n).

The divergence of k(n) in the previous lemma shows that, almost surely, for any k& > 3, there
exists a smallest ny, such that k(ny) = k and Y,"* survives. In this case, Y;"* = Y} for all m > ny,.
We will then set

Yk = Yknk.
Note that Y3Y} ... contains infinitely many R’s (Lemma [ZT]), and no pattern RLL. Therefore the
only place where consecutive L’s can appear is at the beginning of the sequence. However, these
starting L’s are not relevant. If Y3Y,... starts with an L, we can delete the first three letters
without changing the values of the labels read along the path (see Figure B). Without loss of
generality, we can henceforth assume that Y3 = R.

Proof of Lemma[Z1l. We consider the successive changes in the number of R’s in W,,, which we
denote by Si, Sa, ... € {£1}: If the j-th change corresponds to appending some R to W, S; = 1;
and if the j-th change is the deletion of some suffix RLL, S; = —1 . Observe that if S; = 1, the
only way to get Sj41 = —1 is to draw two L’s for the following two X,,’s (to remove the suffix
RLL before another R is appended to W,,). Therefore,

IP(SjJrl = 71|Sj == 1,Sj,1, .. .,Sl) == (1 7]))2.

On the other hand, S; = —1 means that we have just deleted some suffix RLL, so that if the next
X, is L (which happens with probability (1 — p)), we will have S;1; = 1. We thus get

]P(Sj+1 = 1|SJ = —1,Sj_1, .. .,Sl) Z (1 —p)
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We claim that the above requirements on the conditional distribution of S;; imply
(5) Jim inf ~ D lgm1 > >
im inf — 5;=1 a.s.

This comes from the comparison between the stochastic process (S;) and the Markov chain (M)
taking values in {41}, satisfying M; = 1 and having the following transition probabilities:

P(M =-1M,=1) = (1-p),

P(Mi41=1M,=-1) = (1-0p).
Note that the invariant probability measure for the Markov chain (M) assigns mass ﬁ to the
point 1, so that

1 & 1
nggo Z ; ]].1\/[[:1 = B —p a.s.

We are now going to extract a subsequence (My;) from (M) by deleting only some —1’s, and
such that (Mp;) has the same distribution as (Sj). We set £; := 1. Suppose that £; is known. If
My, =1 or My, 41 =1, we set £;1 := {; + 1. Otherwise, My, = My, 41 = —1. Let us denote by
ﬂ the probability ]P(SjJrl = 1|S] = ng,Sj,1 = szil, . .,Sl = Mel). We know that ﬂ Z 1 — P.
We then set )

0 +1 with probability ;6,

ngrl = ]l 1
inf{k > ¢; : M}, =1} with probability u

In this way, we get
P(M,.. , = 1|M4j :—I,ngfl,...,Mgl):ﬂ.
Since the proportion of 1’s is greater in (Mp;) than in (M;), (B) follows, which in turn implies (@).
]

G+l

2.4. Redq\c/ed random Fibonacci sequence in the non-linear case. We associate to X3... X,
the word W), which is obtained by the same induction as Wy, except that the letter added in
Step 1 is always X, 1. The label read in the tree T at the end of the path coded by W, is equal
to F,.

Lemma 2.3. We denote by |W, |z the number of R’s in W,. If p > 1/3, we have

[Wh|g —— +00 a.s.
n—oo

In particular, the length of Wn goes to infinity almost surely.

Proof. Since each deletion of an R goes with the deletion of two L’s, if p > 1/3, the law of large
numbers ensures that the number of remaining R’s goes to infinity. O

The non-linear case for p < 1/3 will be treated later (see Section E2)).

2.5. Survival probability of an R. We are now able to study both cases by introducing the
probability ¢ of appending an R after a deletion of the pattern RLL: ¢ = 1—p in the linear case and
¢ = p in the non-linear case. In the sequel, we consider both the linear case for any p €]0, 1] and
the non-linear case for p > 1/3. For simplicity, we will use the same notations W,, = Y3".. .Yk’%n)
for the reduced word and (Y}) for the sequence of surviving letters in both cases.

Observe that, by construction of the sequence W, if Yﬁn has been appended at time n, its
survival only depends on the value of Yk’zn) itself and the future X, 41, X;,42.... We define

pr:=P (Yﬁn) survives |Y,§En) = R has been appended at time n) .

A consequence of Lemma 2] and Lemma is that pr > 0. We now want to compute pgr as a
function of p.



HOW DO RANDOM FIBONACCI SEQUENCES GROW? 7

We first need to analyze the following situation: Assume that in the construction of some W,
we have deleted a suffix RLL. Then the survival of Yﬁ‘;m) depends on the nature of what we call
the next touching letter, defined by the following algorithm:

Step 1 Set n := ny.

Step 2 If the letter appended to W, is L, it may interact with Yk’zn) to delete it. Return L as
the next touching letter and halt the algorithm.

Step 3 If the letter appended to W, is R and if this R survives, then so does Yk’fn), and we
return R as the next touching letter and halt the algorithm.

Step 4 Else, the letter appended to W, is a non-surviving R. Then there exists a smallest
integer m > n such that k(m) = k(n) (corresponding to the time when this R is deleted). Then
set n :=m and go back to Step 2.

Each time the algorithm enters Step 2, it has a probability 1 — ¢ to directly return L. Since
1 — ¢ > 0, the algorithm ultimately halts with probability 1.

We now go back to our computation of pr. Here is an exhaustive list of all cases in which
Yk’zn) = R, appended at time n, survives:

e Case I: R [B—] R

Y&:}rl) = X,+1 = R. Either it survives or it does not survive but the first touching letter
after £ > 1 deletions is an R; This happens with probability
PPR
6 P1:=DPPr +p 1 —pr ecepRzi'
0 D L ey

e Case 2: R B—] L [B—] R
Either Y&Ll_l) =Xpt1 =1L, or Y&Ll_l) = X,+1 = R which does not survive but the first
touching letter after ¢ > 1 deletions is an L. In both cases, this L is immediately followed
either by a surviving R, or by a non-surviving R and the second touching letter is an R;

In view of the probability computed in Case 1, this happens with probability
_ PPR
pri=|(1=p)+p> (L—pr)'1-c)| ———
=p+p - 0-0 |
Writing pr = p1 + p2, we get that pr satisfies
PR (CQP%, +(p* +2¢(1 = p—))pr+ (1 —c—2p)(1 — C)) =0.

When pr # 0, which is true in the linear case for any p and in the non-linear case for p > 1/3,
this equation has only one non-negative solution given by

~ p* = 2c(1 —=p—c) +py/p? +4c(1 —p)
o 2c2 '

Observe that in the non-linear case for p < 1/3, the above expression is non-positive. Thus,
pr = 0.

(7) PR

2.6. Distribution of the reduced sequence. We deduce from the preceding analysis the prob-
ability distribution, when pr > 0, of the reduced sequence Y which is the concatenation of all
surviving letters. By construction, since we assumed Y3 = R, consecutive L’s are not allowed in
Y, hence

P(Yyt1 =R|Yr,=L)=1.
Moreover, if Yk’fn) = R has been appended at time n and survives, the following letter Yy ()41 in
Y only depends on X, 41, Xs42,..., which implies that (V) is a Markov chain. Observe that if

Yi = R, it is followed in Y by another R only in the last two cases of our exhaustive list. Hence,

2c
(8) a:=PYi1 =R|Yy=R) = o

PR 2c—p—i—\/pQ—i—élc(l—p)7




8 ELISE JANVRESSE, BENOIT RITTAUD, THIERRY DE LA RUE

which leads to

3p—2+/bp?—8p+4
_ 2p
p+/p(4—3p)
The invariant probability measure of this Markov chain is given by

(10) (o) = (5252 ).

(linear case),

(non-linear case).

b)
—a' 2—«

;From now on, we denote by P,, the probability distribution on {R, L}{®%} under which (Y)
is a Markov chain with Y5 = R,

]Pa(Yk+1 = R|Yk = R) = « and ]Pa(Yk+1 = R|Yk = L) =1.

2.7. Compression rate. We are also interested in the ratio n—kk of surviving letters when k is a
large integer. The number s; of R’s in Y3...Y}, which is the number of surviving R’s up to time
ny, satisfies s /k = pur + o(1). Let dj be the number of deleted R’s up to time ny. Observe that
the total number of R’s drawn up to time ny is si + d, so that si/(sk + dx) = pr + o(1). Since
each deletion of an R comes with the deletion of two L’s, we have ny = k + 3dj. Therefore,

k 1—pr\ "
(11) — ——— 0= <1+3MR pR) a.s.
ng k—oo PR
It will be useful to see o as a function of a. jFrom (@), we get « = p1/pr = % Hence,
—cdl—=Pr

Moreover, (8]) yields

1— 2
p=a— c( @)
a
Taking (I0) into account, an elementary computation leads to
200 — 1)(2 —
at—a+1

3. CONTINUED FRACTIONS IN THE TREE R

3.1. The tree R. The reduction of the sequence (X,,) lead us, both in the linear and the non-
linear case, to the study of a Markov chain (Y;) whose distribution is P, on {R, L}{®%} The
only difference between the linear and the non-linear case is the value of the parameter a.

Let us consider the random sequence of integers (Gj)i>1, where G; = G2 = 1 and G}, is the

label read in the tree T (T in the non-linear case) when following the path coded by Y3---Yj.
We get that for all £ > 1, G}, has the same absolute value as F),, (ﬁnk in the non-linear case).
We are thus left with the estimation of the exponential growth of the reduced Fibonacci sequence
(Gr)E>1-

Since (Y%)r has no pattern RLL, the reduced Fibonacci sequence (Gy)r>1 can be read along a
random path in the tree R introduced in [8], which is a sub-tree of T and T. The tree R is defined
as follows: The root of R has only one right child, which itself has only one right child. Any other
vertex v has either one right child or two (left and right) children, depending on whether v is itself
a left child or not: A left child has only one child, whereas a right child has two children. Each
vertex is labelled with an integer : The root and its only child are labelled by 1. If v is a right
child, its label is the sum of its father’s and grandfather’s labels; If v is a left child, its label is the
difference between its father’s and grandfather’s labels. (See Figure [Bl)

Please note that the step from the root to its child does not appear in Y: The condition Y5 = R

corresponds to the fact that the only child of the root has only one right child. For technical
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FIGURE 5. First lines of the tree R. The random path marked with the bold
edges is coded by the sequence Y = RLRRL ...
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FIGURE 6. Distribution probability of the random path in R.

reasons, we will sometimes need to add an extra R at the beginning of Y, representing the step
from the root to its child, but this will be done explicitely.

From the preceding section, we know that the distribution of the random path is given by a
Markov chain: Each left step is followed by a right step, and each right step is followed by a right
step with probability o and by a left step with probability 1 — «, where « is given by (&) (see
Figure [6).

Let us recall some important properties of the tree R. First, it is easily proved by induction
that the label of each vertex is a positive integer. As a consequence, we get that

Vk>1, Gp>0.

Another easy induction shows that, if x and y are the labels of a child and its father, then x and
y are relatively prime. Moreover, for each pair (z,y) of relatively prime integers, there is exactly
one vertex in R which is labelled by x and its father by y (see [§]). Therefore, for any positive
rational number ¢, there is a unique vertex x in R such that ¢ is the quotient of the label of x by
its father’s. This vertex z is a right child if and only if ¢ > 1.

For all k > 3, let Qf, := Gj/Gj—1, so that

k
1 1
(13) - log G, = - ;mg Q;.
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The exponential growth of G}, will thus be deduced from the probability distribution of (Qx)k>3,
which is related to the development in continued fractions of Q.

3.2. Shape of a path and continued fractions. Let &2 be the set of all finite sequences
Yy =19ysys...yx (k> 3)of R’s and L’s with y3 = R and no pattern LL. Each sequence in & can
be interpreted (with the same conventions as above) as a finite-length path in the tree R.

To each sequence y = ysys ...y, € &, we associate a rational number ¢(y) defined as follows.
We decompose the path ysy, ...y, into pieces which are either elbows RL or single right steps R.
(This can be done in a unique way for all y € £2.) Next, we introduce a cutting between each
pair of (successive) identical pieces. We thus obtain a partition of the path into ¢ blocks; Let aq
be the number of pieces in the last block, as the number of pieces in the last but one block, and
so on. If the last piece of the last block is an elbow, ¢(y) is given by its development in continued
fractions

1
qly) :=10,a1,...,as) =0+ . <1,
a1 +
1 . 1
“TTT
oy
a
otherwise, ¢(y) is set to
1
o) = far, o) =y e 51,
o+ —
2+. 1
.
ar

The following proposition shows that the random variables (@) are precisely given by the
preceding computation.

Proposition 3.1. Let y = ys...yr € &, coding a finite-length path in R. Let g1 = g2 =
1,93,...,gx be the labels of the vertices visited by the path. Then q(Ry) = gk/gk—1-

(See Figure[1)

Proof. We proceed by induction on k. Let us denote by g, the quotient gi/gr—1. For k = 3, the
sequence Ry is reduced to RR: We thus have two single right steps separated by a cutting and
we check that

2 1

43 =7 +1 q(RR)

Assume the result is proved up to & — 1 and consider a sequence y of R and L’s of length k. Let
us analyze the three possible configurations for yi_1yy.

o yp_1yr = LR (see Figure[§ case (1)): Since the last letter is an R, we have

_ _ 1
9k _ 9k 1+ 9k 2:1+

Jk—1 Jk—1 qrk—1 -

gk =

On the other hand, the induction hypothesis gives gx—1 = ¢(Rys . . . yx—1) = [0, a1, az, . .., as,
with (a;) given by the number of pieces in the blocks. Hence, g = [a1 + 1,a2,...,a].
Since there is no change in the cuttings when appending the last R, the number a; of
pieces in the last block is increased by 1 and the other ones are left unchanged. Therefore,
q(Ry3 .- Yk) = k-

e yr_1yr = RR (see Figure[§ case (2)): We still have ¢ = 1+ 1/gi—1. The difference with
the previous case is that gx—1 = [a1, a9, ...,as > 1, thus gx = [1, a1, as,...,ae]. Here, the
last R has introduced a new cutting, so that we have one more block of length 1 and the
other blocks are left unchanged. Therefore, ¢(Rys ... yr) = qk-
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1
\1
R
D2
1
N3
R a4—6
L) 4

F1GURE 7. Consider the sequence y = RLRRLRRLRLRLRR € &?. The corre-
sponding path in the tree R is represented above, as well as (g;)i1<j<16. After
decomposing Ry into elbows and single right steps, and introducing the cuttings
between identical pieces, we obtain the development in continued fractions of
q(Ry) = g16/g15 = 27/20 by counting the number of pieces in each block: 27/20 =
1,2,1,6].

Yr—1Yr = RL (see Figure 8 cases (3) and (4)): Since the last letter is an L, we have

gk _ Gk-1—Gk-2 _ 1

_ _ 1
Jk—1 Jk—1 14
qr— — 1

qr =

The induction hypothesis gives that gx—1 = ¢(Rys...yk—1) = [a1,a2,...,as], with (a;)
given by the number of pieces in the blocks. Hence, the development in continued fractions
of g depends on the value of a;.

If ay =1 (case (3)), we get g = [0,a2+ 1, as, ..., as]; Appending the last L transforms
the last piece into an elbow. The fact that a; = 1 means we had a cutting just before this
last piece, which disappears after the transformation. Therefore, we have one less block
and the number of pieces of the last remaining block is increased by 1.

If a1 > 1 (case (4)), we get g = [0,1,a1 — 1, as, ..., as]; The fact that a; > 1 means we
had no cutting just before the last piece, and one is created when appending the last L.
Therefore, we have one more block of length 1, and the number of pieces of the last but
one block is decreased by 1.

In both cases, we get ¢(Rys ... yr) = qk-
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. L x I
k-1 dk—1 k-1 dk—1
ve o T N Y Y
&k\ \q< Qe Qe
T+y T4y Yy—x Yy—x
(1) (2) 3) (4)

FIGURE 8. From ¢;_1 to g;. (1) corresponds to the case when ¢x—1 < 1, (2), (3)
and (4) correspond to the cases when gqx_1 > 1.

3.3. Stern-Brocot intervals. We recall here the definition of the positive Stern-Brocot inter-
vals, which are the real intervals of the form [, §] where a,b, ¢, d are nonnegative integers with
ad — be = —1. (We adopt the usual convention that § = +0c.) All these intervals can be obtained
inductively, starting with the interval [2, §] (the only Stern-Brocot interval of rank 0). Each Stern-
Brocot interval [£, £] of rank r is cut into two Stern-Brocot intervals of rank (r+1): [¢, $£5] and

b btd
[#£5, 5] Recall also that {5 is called the mediant of ¢ and §.

Let us fix a sequence s = $1...8, € & (we also include here the case where s is the empty
sequence). We now consider the set of finite paths in the tree R having s as a suffix:

Y ={Ry:y= (Yi)s<i<k € P, k>m+2; Yhms1-- Yk =51..-Sm}) -

Proposition 3.2. Let r be the number of pieces in the decomposition of s into elbows RL and
single right steps R. Then

e The closure q(%;) of q(%;) is a Stern-Brocot interval of rank r;

e if r is even (respectively odd), ¢(¥rrs) is the left (respectively right) Stern-Brocot sub-
interval of rank r + 1 of ¢(%5), and q(#rs) is the right (respectively left) one.

Proof. We proceed by induction on r. If » = 0, s is the empty sequence and % is the set of all
finite paths in R, so ¢(%;) = [0, 400]. Moreover, Zrs = #g is the set of all finite paths ending
with an R, hence ¢(Zrs) = [1,4+00]. Zrrs = #rr is the set of all finite paths ending with an
elbow and ¢(%grLs) = [0, 1]. Therefore ¢(#gLs) is the left Stern-Brocot sub-interval of rank 1.

We consider a suffix s such that ¢(%;) is a Stern-Brocot interval of rank r, and its two possible
extensions Rs and RLs. Assume for simplicity that s ends with an R (the proof is the same when
s ends with RL). Let £ be the number of blocks in s: ¢(s) = [a1,...,a¢]. Since the last letters of
y give the beginning of the development in continued fractions of ¢(y), all ¢(y) for y € #; have
their first (¢ — 1) partial quotients fixed, and equal to those of ¢(s). Moreover, their ¢-th partial
quotient is at least a;. Thus, ¢(%) is the interval whose bounds are [ay, ..., as—1] and [a1, ..., af.
Notice the way these bounds are ordered depends on the parity of £: [aq,...,ar—1] < [a1,...,as]
iff ¢ is even.

Either Rs (if the first piece of s is an R) or RLs (if the first piece of s is an RL) counts
one more cutting than s and gives rise to the interval whose bounds are [a1,...,as—1,as, 1] and
[a1,...,a¢—1,a¢]. The other one gives rise to the interval whose bounds are [aq,...,ar—1] and
[a1,...,ap—1,a¢+1]. In fact, since [a1,...,ap—1,as, 1] = [a1,...,as—1, ar+1], the two intervals have
a common bound. We let the reader check that this common bound is the mediant of [a1, ..., ag—1]
and [ay,...,as], so that ¢(%Rs) and q(#rLs) are two Stern-Brocot intervals of rank r + 1. As a
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consequence of the previous remarks, the table below gives the relative positions of ¢(#rrs) and
Q(@Rs):

the first piece of s is R | the first piece of s is RL
¢ odd Rs « left RLs < left
RLs < right Rs < right
{ even RLs < left Rs < left
Rs < right RLs < right

Each time we extend the suffix s with one more piece, either this piece is similar to the first piece
of s, which introduces a new cutting, and ¢ is increased by 1, or the new piece is different and £ is
unchanged. Therefore, we move either vertically or horizontally in the table, so that the relative
positions of ¢(#rs) and q(#rLs) alternate. O

3.4. Probability distribution of (Qx)r>3. We now turn back to the Markov chain Y following
the probability distribution P, (see Section[Z6]). The ergodic theorem for this Markov chain gives
that, almost surely,

k

E LRy, .viewn —— UR-
s k—o0
pa

=

If we decompose the sequence Y3 ...Y; into pieces RL and R, it is not hard to see that all but the
last piece appear independently, with probability 1 — « for RL and « for R. Therefore, if we fix
some s € & and denote by |s|rr (respectively |s|g) the number of pieces RL (respectively R) in
the decomposition of s into pieces, we get from the law of large numbers that

k
1 .
(14) p D Lav,. view, ——cls) al*ln (1 — a)lslnz,
i=3
where
() R/ if s ends with an R,
c(s) =
(1 =pgr)/(1 —a) otherwise.
Since for all i > 3 we have Q; = ¢(RY3...Y;), it is natural to introduce the following probability

distribution v on Ry: v, is defined by
Vse€ P, v, (‘I(%)) = a\SIR(l _ O[)‘SlRL'

In view of Proposition B.2 this amounts to define it inductively on Stern-Brocot intervals in the
following way: First assign mass 1 — « to [0,1] and « to [1,00]. Once v, is defined on some
Stern-Brocot interval of rank r, a proportion « of its mass is given to the left (respectively right)
subinterval of rank r + 1 when r is odd (respectively even) (See Figure [Il). We can notice the
similarity between this construction and the Denjoy-Minkowski measure p(® presented in 2.
The difference lies in the fact that the proportion « is in our case alternatively given to the left
and the right subinterval.
From (I]), we obtain that, for all f € L(v,),

k o0
(15) %Z — 11”;/ f(x)dva(x )Jr%z/l f(x)dva(z) as.

Remark 3.3. Observe that we need the correction c(s) in (I4]) because the last piece of Ys...Y;
has a different distribution. If we first cut the infinite sequence (Y;);>3 into pieces R and RL,
and denote by i; the index at the end of the j-th piece, then the distribution of q(RY3...Y;;)
converges to v, without correction.
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4. THE LYAPUNOV EXPONENT

4.1. Computation of the Lyapunov exponent. We now end the proof of Theorem [T} It is
easily seen that = +— logz belongs to L!(v,). Using (I3) and (I3)), we obtain

1 1— 1 o)
—log G —— ’uR/ log(x) dua(x)—i—M—R/ log(z) dv,(z)  a.s.
«

k k—oo 1—a Jgy 1
Using (II) and pr = 1/(2 — a), we get
1 o ! I
(16) - log | F,,, | PR S (/0 log(z) dve (z) + a/l log(z) dva(x)) a.s.

In the linear case, since we are dealing with a product of i.i.d. matrices, we know that the limit
of (1/n)log|F,| exists almost surely, and is given by the largest Lyapunov exponent.

Of course, we get the same formula as ([I6) for (1/ny) log ﬁnk in the non-linear case for p > 1/3
(where « is given by ([@)). As we already pointed out, this case cannot be reduced to a product of
L.i.d. matrices, therefore we need a little argument to get the almost-sure existence of the limit of
(1/n)log F,,. It consists in controlling the size of the deleted blocks.

We already know the almost-sure convergence of (1/ny)log ﬁnk, along the subsequence (ny)
corresponding to surviving letters after the reduction process. Consider now n lying between ny
and ngy1. We have

— ny

1 ~ 1 ~ 1 ~ 1
—log F,, — —log F},, gn — log Fy,,, + — |log = .
n ngk ngk n

Nk

We need to control the quantity T} := ngy1 — ng, which is 1 plus the number of deleted letters
between two successive surviving letters. The probability distribution of the random variable T}
is given by the law of the following stopping time for the i.i.d. sequence on the alphabet {R, L}
with probability (p,1 — p): Draw a sample of this process and stop the first time the number of
L’s is equal to twice the number of R’s plus one. This sample without the last L corresponds
to all the patterns RLL, between two successive surviving letters, which are removed during the
reduction process. When p > 1/3, the stopping time is almost surely finite and its expected value
is finite.
Since the T}’s are i.i.d. and have a finite expected value, we get
n— ng Ts

<

— 0 a.s.
n k koo

Observing that ﬁn < max{ﬁnk,fn%lﬂ”*"k, the convergence along the subsequence (ny) is

enough to conclude that the limit of (1/n)log F,, exists almost surely, and is given by the right-
handside of ([IG]).

It remains now to prove that this limit is equal to fol log(x) dv,(z). To this end, we use some
changes of variables in the computation of the integral.

Lemma 4.1. For all f € L'(v,),

/Olf<ﬁ)dua<z> = 2 [ o)

/olf (55 ) ) = a-a) [ (o)

Proof. Tt is sufficient to prove the equalities when f = 1,/ ./q) is the indicator function of a
Stern-Brocot interval (ad — bc = —1). The first equality becomes, for a > b,

o ([ ]) =2 ()
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o

Observe that [2=2 £=4] s also a Stern-Brocot interval, which has the same rank r as [, 5]. F
r =1, the equality holds trivially. Since x + 1/(1—=x) is increasing, the right sub-interval of [,
corresponds to the right sub-interval of [“ b= d} The result follows by induction on 7.

(&
For f =1 [2,2]; the second equality reduces to

(o)) 0o (53):

If [¢, 5] is a Stern-Brocot interval of rank r, [#‘ld, aL+b:| is also a Stern-Brocot interval, but of rank

r+ 1. For r = 1, the equality holds trivially. Since x — (1 — x)/x is decreasing, the right sub-

]

o

interval of [, 5] corresponds to the left sub-interval of . The result follows by induction

+d’ a+b
on r. O

Applying Lemma [£1] to x — logx and summing, we get that

- [ osterivae =12 [Cogtarivaa) + (0 - [ roseyivate)

It follows immediately that

11—«

/Olog(:c)dua(ac) = W/Owlog(x)dva(x),

ala—2)

(17) /100 log(z)dve(x) = m/ooo log(z)dv, ().

Substituting in the right-handside of (I6) and recalling (I2), we conclude the proof of Theorem [T}
for all p in the linear case and for p > 1/3 in the non-linear case. The non-linear case for p < 1/3
is treated in the next section.

4.2. Variation properties of the Lyapunov exponent. We now want to prove that p — 7,
(non-linear case) is a non-decreasing function. We first establish a comparison lemma.

Lemma 4.2. Let x be a path in the tree 'T‘, and let 2’ be obtained from x by turning an L into
an R. Then any label read along x is always smaller than the corresponding label read along x’.

Proof. Let y = y3...yr € & coding the end of a finite-length path in R. Assume that the
vertices of the edge preceding y are labelled by a and b. Then the last vertex of the path is
labelled by a linear combination of a and b of the form d(y)a + n(y)b, where n(y) and d(y) are
integers depending only on y (see Figure [@ left). More formally, n(y) and d(y) can be defined by
the following induction. n(@) := 1, d(@) := 0, n(R) :=d(R) := 1, and for i > 3

(Ys...yiR) = n(ys...y:) +n(ys...yi-1)
d(ys...yiR) = d(ys...y;)) +d(ys...yi-1)
(y3...yil) = n(ys...y:) —n(ys...yi-1)
dlys...yiL) = d(ys...y;)) —d(ys...yi-1).

Since y codes a path in R, an induction shows that d(y) and n(y) are nonnegative.

Consider two paths 2 and 2’ in T differing at level i : We decompose the end of the paths from
level ¢ as LL"y and RL"y, where y starts with an R and r > 0.

Suppose first that, after the difference, all letters of x and x’ are L’s (y = (}). We let the reader
check that the labels after level i and 141 are well-ordered. Moreover, the label after level k& > i+2
in 2/ is equal to the label after level £ — 3 in z. This can be seen by making a reduction (removing
a pattern RLL) in the path /. Denoting by a and b the (nonnegative) labels after level k — 3 and
k — 2 in x, the label after level k in x is given by [b — |b — a|| < a.

Suppose now that the suffix y is reduced (y € £?). The above argument shows that labels
after level ¢ + 7 — 1 and i + r are well-ordered: Denote these labels by a and b in z, and o’ and
2’ in 2’. Then the label at the end of x (respectively z’) is the linear combination d(y)a + n(y)b
(respectively d(y)a’ + n(y)b’). Since d(y) and n(y) are nonnegative, we conclude this case.
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FIGURE 9. Definition of d(y) and n(y) (left); Comparison between two paths in R (right).

In the general case, we make all possible reductions on y. We are left either with a sequence in
Z or with a sequence of L’s, which are the two situations we have already studied.
O

Proposition 4.3. If p < 1/3, %, := lim,,(1/n) log F,, exists and is equal to 0. The function p — p
is continuous and non-decreasing.

Proof. We start by proving that lim\ ;/37, = 0. We can extend the definition of v, to any
a € [0, 1], and also set for 0 < a < 1/2

() = /OOO log(z)dve ().

Observe that, if [a,b] is a Stern-Brocot interval, then [1/b,1/a] is also a Stern-Brocot interval,
satisfying

ya<[a,b]) - yl,a(u/b, l/a]).
Therefore, we get
Y(a) = —v(1-a).

In particular, v(1/2) = 0. Moreover, o — () is easily seen to be a continuous function (we can
write it as a uniform limit of continuous functions). Hence

lim hm 0.
N Yo = e v(a) =
Now, let 0 < p < p’ < 1. Let (X,,) and (X)) be random paths in T for the respective parameters
p and p’. We can realize a coupling of (X,,) and (X)) such that for any n, X,, = R implies X, = R.
From Lemma [£2] it follows that the label F, read along X is always smaller than the label F’
read along X'. If we choose p < 1/3 and p’ > 1/3, we get that

1 1
lim sup — 10gF < lim — logF = Ypr.

Since limy\ 1,37 = 0, we deduce that ~p = 0 for any p < 1/3. Moreover, this argument obviously
shows that p — 7, is a non-decreasing function. (]

Corollary 4.4. The function p — =, is increasing on |0, 1[. The function p — 7, Is increasing on
11/3,1].

Proof. Recall that y(or) = [ logadva(z) = 7, for o = 2p/(p + /p(4 —3p)). The function
p— 2p/(p++/p(4 — Sp is increasing and sends |1/3, 1] onto ]1/2, 1]. Hence () is non-decreasing
on |1/2,1].

In the linear case, we also have v, = v(a) where now o = (3p—2++/5p? —8p + 4 €|1/2,1].
Since this expression is also increasing in p, p — 7, is non-decreasing. Moreover, we easﬂy deduce
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from (I7) that v, > 0 for any p €]0,1[. We also know from [7] that +, is an analytic function of
p €]0, 1], thus it is increasing.
This in turn implies that v(«) is increasing on ]1/2, 1], and so is 7, for p €]1/3,1]. O

4.3. Derivative of the Lyapunov exponents. The following proposition gives a formula for
the derivative of v with respect to o, which uses the product measure v, ® v,.

Proposition 4.5. For all 1/2 < ae < 1,

1+ 2a — 202 2a0 — 1 / / T+y+ay
2a—1)(a2—a+1) 2—a+1 x-i—y-i—l

(18) () = 5(0); Vo ® Va(de, dy)

Before proving this formula, we now use it to compute the derivatives of the Lyapunov exponents
for p=1. When p = 1, a = 1 (both in the linear and in the non-linear cases), and v, is the Dirac
measure on ¢. ([I8) yields

dy 20 +¢*  logh
Dy=1 1 =22,
do1) = logd+log 257 = =

d
Since d—a(l) =1 (both in the linear and in the non-linear cases), we get
p

dryp _dy B
%(1) = d—p(l) = (log5)/2.

We now turn to the proof of Proposition [£5]

Proof of Proposition [{-3. We fix 1/2 < a —e < a@ < 1. Let Y be a Markov chain following P,
decomposed into pieces R and RL. We decide independently to change each piece R into RL
with probability €/a. We thus obtain a new Markov chain Y’ following P,_.. Let (Gj)r>1 and
(G}.)k>1 be the labels read along the paths Y and Y respectively. We introduce the subsequences
(km) and (k],) such that Gy, and G}, are the labels read after the m-th piece of ¥ and Y’
respectively. We know that "

Y() —y(a—¢e) = o(a) lim E {k_ log G, ] —o(a—¢) lim E {k_ log G, ]
(19) = (o(a) —o(a— zs))M +o(la—¢) lim E |—logGy,, ! log Gy, | .
o(a) m—o0 k k;n m
Since
ko, Kl
— ——2—aand =+ —— 2 —a+¢ a.s,.,
m m—oo m m—oo
the last term in (I9) becomes
ola—e) | e 5
— 1 E l — —
2 -« it OgG%, +27 va—e).
Therefore, we obtain
) =r@=s) _ ol olazga@ , 1
€ 5 o(a) 2—«
ola—e) 1 1 Gk,
20 1 E l
( ) (2 — a) e mgnoo 8 G%/
An easy computation shows that
. (o(a) —o(a—c¢)y(a) 1 1+ 2a — 202
21 ] ) = _
(21) slg(l)( € o(a) + 27047(04 ) 7(CY)(Qozf1)(042704+1)

Let us now turn to the last term on the right handside of (20). For all i > 1, let us consider
the i-th piece which is different in Y and Y’'. We denote by m; the number of pieces which have
been seen before the i-th change. Let a; := kafl and b; := kai be the labels along Y of the
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vertices of the edge preceding the i-th change. Similarly, let o} := Gkini—l and b} ;= G;% ~ be the

corresponding labels in Y”. Using the fact that i/m; — ¢ a.s., we get

(22) lim E

m—00

— log —— S

%

1 .
=clim E [—_ log —}
)

Between the i-th change and the edge (a;+1,bi11), Y and Y’ share a common part Y+ (see
Figure ). We set n; := n(Y*~1) and d; := d(Y*~"*1), where n(-) and d(-) are the notations
introduced in the proof of Lemma 21 We then have the following induction.

b; b;
Qj+1 dib; +ni(a; +b;)  a a_z * d_z ( * az)

alyy di(al +b) 4+ nal  al 1+b_§/-+@
a,; dz
This yields
1—1 /
1 a; 1 n,; b b, n,
E|zlog%| = = log (242 (14 2))| —Ellog[1+ 2+ )] ).
[i Ogaé] Z;( [Og<a dj<+aj o +a}+dj
Y Y’
a; a;
b; b
yi—itl a;
ai+1 = dib; + ni(a; + b;) yiortt
bit1 ajpy = di(aj + b;) + nia;

/
bi—i—l

FIGURE 10. The paths Y and Y’ between the i-th and (i + 1)-th change.

Observe that b;/a; and n;/d; are independent. For all j, n;/d; has a probability distribution
ve which only depends on « and . Moreover, we know that b;/a; converges in law to v, (see
Remark [B3)). It follows that

E {log <Z—Z+Z—j <1+Z—§>)] P—OO>//1og(x+y(1Jrz))dya(z)dz/(i(y).
log <1+Z—é+z—j>] P—m>//log(l+x+y)dua(x)dyg(y).

Bl toe ] o [ [0 T D, i o).

Similarly,
E

We thus obtain
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The probability v¢ is the distribution of n(Y172)/d(Y1~2). When ¢ — 0, the length of the
common part Y172 goes to infinity almost surely.

Lemma 4.6. Let Y follow the probability distribution P,. Then n(Yy...Yy)/d(Y1...Y}y) has
almost surely a limit as k — oo, which follows the probability distribution vg.

This lemma ensures that the preceding integral goes, as ¢ — 0, to

(1
// i ;rf : 2) vy (x)dve (y) -
Together with 20), (2I)) and (22]), this achieves the proof. O

da + nb
Ys ‘
d'a+n'd

N

(d+d)a+ (n+n")d

da + nb

FicURE 11. Labels on the path Y.

Proof of Lemma[{.0l We decompose the path Y into pieces R or RL. Recall that, under P, each
piece appears independently with probability « for R and 1 —« for RL. To each piece, we associate
areal interval: Suppose the piece ends in Y;. Then the bounds of the corresponding interval are de-
fined as n(Ys...Yy—1)/d(Ys ... Yi—1) and n(Ys...Ys)/d(Y5...Yy). Observe that the first interval
is [0, 1] with probability 1 —« and [1, co] with probability a.. If n/d = n(Ys...Ye—1)/d(Y3... Y1)
and n'/d" = n(Ys...Yy)/d(Ys...Yy) are the bounds of the interval associated to the j-th piece,
then the bounds of the interval associated to the (j+1)-th piece are either n’/d" and (n+n')/(d+d’)
with probability «, or (n +n')/(d 4+ d') and n/d with probability 1 — a (see Figure [[1]). There-
fore, we get a decreasing sequence of Stern-Brocot intervals converging to a point following the
probability distribution v,,. O

5. LINK BETWEEN v, AND FURSTENBERG’S INVARIANT MEASURE

In the linear case, Furstenberg’s formula gives

2 log |Fy| —— 7 = / (plog L (1—p)log = B') dvy (T) ,

n n—oo [l [l

where A and B are the matrices given in @] and vy is the invariant measure on the set P(IR?) of

directions in the plane for the random walk that sends T to TA with probability p and to TB with

probability 1 — p. (In the above formula, 2 stands for any nonzero vector with direction .)
Directions T can be parametrized using slopes T = (1, m) with m € (—o0, co]. Therefore, in this

context, vy is the probability distribution on (—oo, 0o] such that, for any non-negative measurable

s (e L) e e (- )i

Observe that, in view of the particular form of the matrices A and B and the fact that vy is
invariant, Furstenberg’s formula reduces to

= [ toglmlds(m og b1+ 2l A (Ch-oT AP
= [ sttt (ot S T+ - s S o

—+oo
= / log |m|dv¢(m).

— 00
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(Tt is worth remarking that this simplification is always valid when dealing with linear recurrence
equations.)

The difficult part is to identify the invariant measure vy. This was done by Viswanath in the
case p = 1/2, and we could note that v¢(.|R") = v, for a = a(1/2) = ¢—*. This observation,
together with the fact that the above equation looks very similar to our formula for v,, made us
suspect a relationship between v, and vy.

We came to the following heuristics: In the tree T, all edges whose labels have opposite signs

correspond to a step which will appear at the end of a deleted pattern RLL. Therefore, we expect
1— 1—a)?
v¢(R™) to be equal to the frequency of deletions 3 7 - (2 a—)i- T Moreover, all edges whose
a? —«
labels have same signs can be seen as belonging to a tree R. Therefore, we expect v¢(.|R™) to
be equal to v, (as in the case p = 1/2). The invariance property of vy for the indicator function

of a Stern-Brocot interval [a,b] with 1 < a < b now yields

ve([a,b]) = pry ({b_%ﬁ]) +(1=p)vy <[a—_11b_—11]> :

Observe that [ﬁ, ﬁ} and [a_—fl, ﬁ} are also Stern-Brocot intervals, the latter lying in R™.

This equation is thus enough to get the measure of all Stern-Brocot intervals in R™. We obtain
the measure described in Figure

- - - _ 0/1
U0, 2115y U1 pg=112.4 0L 15 112 5 UL 55 201 5y 10
| T I T | T I T | T I T | T I T |
: m~a? m-a(l — ) mt(1—a)? mta(l — a)
:m’a(l — ) :m_(l —a)? :m+a(1 —a) : mta? :
i e m~(1—«) i mt(1 - a) mta i
| _ (1-ap | . |
P | mt=1-m

FIGURE 12. The measure v¢ on Stern-Brocot intervals of rank 0, 1, 2. First assign

1— 2
mass m~ = (=) to | — 00,0] and m™ := — % [0,00]. Once v,
a2 —a+1 a2 —a+1

is defined on some Stern-Brocot interval of rank r in IR*, a proportion « of its
mass is given to the left (respectively right) subinterval of rank r + 1 when r is
odd (respectively even). In R~ exchange o and 1 — «.

Conversely, we easily check that this measure satisfies the invariance property.

6. FURTHER DEVELOPMENTS AND OPEN QUESTIONS

6.1. Extension to Viswanath’s setting. The sequence (¢,) studied by Viswanath in [10] is
defined by t1 ;=15 : =1, and
tn = :l:tn,1 + tn,Q (m Z 2),

where each + sign is independent and takes value + or — with probability 1/2. A natural extension
of this setting would be to choose the signs independently both with probability p for + and 1 —p
for —. This definition is equivalent to ours only in the case p = 1/2, which explains why the graph
of the Lyapunov exponent drawn on Figure 5 in [10] is different from our Figure2l In Viswanath’s
setting, no explicit formula is known to compute the Lyapunov exponent. Can our method be
extended to this setting ?
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6.2. Random Fibonacci sequences with multiplicative coefficient. Consider the gener-
alization of the random Fibonacci sequence (F,), defined by F,y1 = AF, £ F,_; for a fixed
parameter A.

For special values of this parameter, namely A\, = 2 cos(n/k), k > 3, we hope to generalize our
method. (Observe that the present study corresponds to k = 3). We expect the reduced sequences
to be obtained by removing patterns RLF~!, which should give rise to the study of a Markov chain
of order k — 2. The correspondance between random Fibonacci sequences and continued fractions
extends to these new sequences by considering Rosen continued fractions, introduced by Rosen
in [9]. A Rosen continued fraction expansion of a real number z is a continued fraction in which
partial quotients belong to A\xZ* (instead of Z7 as in the classical case). The values A, are known
to be the only ones for which the corresponding Mobius group generated by the transformations
z+— 2z — A, and z — 1/Z acts discontinuously on H [5, [6].

6.3. Average growth rate. We announced in Remark that we were able to give an explicit
1 ~

expression for the limit of —log(IE(F},,)). Strangely enough, the similar question in the linear case
n

seems to be more difficult. We do not know yet whether the combinatorial methods used in [§]
can be extended to this case.

6.4. Variation properties. We could expect the formula (I8) to give the value of the derivative
when p — 0 in the linear case (or when p — 1/3 in the non-linear case). Unfortunately an
indeterminate form appears when « — 1/2. Is there another way to compute this value?

On figure[2] obtained by numerical estimations of the integral, the functions p — v, and p — 7,
seem to be convex. In [I1], Volkmer gives a sufficient condition for the convexity of the Lyapunov
exponent to hold. But this condition is easy to check only in the case of nonnegative matrices,
and we do not know whether it applies in our cases.
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